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Abstract

Firms’ headquarters [HQ] support their production activity, by gathering information and
outsourcing business services, as well as, managing, evaluating, and coordinating internal
firm activities. In search of locations for these functions, firms often separate the HQ
function physically from their production facilities and construct stand-alone HQs. By
locating its HQ in a large, service oriented metro area away from its production facilities,
a firm may be better able to out-source service functions in that local metro market and
also to gather information about market conditions for their products. However if the firm
locates the HQ away from its production activity, that increases the coordination costs in
managing plant activities. In this paper we empirically analyze the trade-off of these two

considerations.
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1. Introduction

A firm’s production activities are supported by headquarters [HQ], which process
information within the firm and between firms, provide service functions for the firm
such as advertising, accounting and legal services, and co-ordinate and administer a
variety of plant level activities within the firm. Sometimes, firms, especially bigger firms
spatially separate administrative functions from production activity and create stand-
alone HQs. This paper examines the trade-offs involved in manufacturing firms’
decisions about where to locate these stand-alone HQs. Many stand-alone decisions may
simply reflect a firm’s desire to separate its administrative functions away from the noise
and grime of production, within the same complex or local area. However as suggested in
Lovely et al. (2003) and Davis and Henderson (2004), firms may choose a location away
from production facilities, so as to gain better access to information and to better out-
source certain service functions. Aarland, Davis, Henderson, and Ono (2005) find that
when a firm’s production is performed primarily in a small city, the firm is more likely to
establish a stand-alone HQ; and often locates it in a larger metro area possibly to better
out-source service activities. Ono (2003) finds that plants in firms with HQs do much less
outsourcing than plants in firms without HQs.

While gathering information and outsourcing business services is one function of
HQs, HQs play an important role in managing, evaluating, and coordinating internal firm
activities. Being near production facilities reduces communication and monitoring costs
and makes these other functions much easier to carry out. Of course if production
facilities of firms are geographically dispersed, firms may find co-ordination costs are
reduced by locating HQ’s centrally to all production facilities, but away from any specific
facility. For example, Aarland et al. (2005) find that firms with geographically dispersed
production plants are more likely to locate HQ’s in counties where they do not perform
any production activities.

In this paper we consider a model where firms are trading-off these considerations
in choosing the location of their HQs, in a context where many production facilities are in
smaller cities or even rural areas. If they choose a large, service oriented metro area away
from their production facilities they may be better able to out-source service functions in

that local metro market and also to gather information about market conditions for their



products. However if they locate away from the center of their production activity, that
increases their coordination costs in managing plant activities. This paper thus extends
Lovely et al. (2003) and Davis and Henderson (2004) which look at firms’ choices of
metro areas for their HQs without reference to plant locations. We ask how important
proximity to production facilities is, compared to better access to information and
intermediate service suppliers. And, how do such trade-offs change based on firm
characteristics such as size?

Apart from learning about these trade-offs, studying firms’ decisions about which
cities to put HQs in will reveal how firms value different aspects of metro area
environments such as the availability of local business services and the scale of other HQ
activity reflecting localized scale externalities. For the former, we will employ a Dixit-
Stiglitz-Either framework where firms value diversity of local intermediate inputs, as
well as being concerned with their local costs.

We focus on manufacturing in this paper. Since manufacturing plants are found
disproportionately in rural areas and small metro areas (see Section 2), this creates a stark
contrast between locating a HQ close to plants and locating a HQ in bigger cities. As
compared to manufacturing, retail, and service sectors have distinctly different
geographical patterns. Retail outlets of major firms are found in most large metro areas.
As such, in retail, HQs are almost always located in proximity to “production” facilities,
simply because if a HQ is located in any major metro area there is also sure to be a retail
outlet there. In addition, unlike manufacturing plants with their relatively high fixed plant
capital and need for access to raw materials, retail chains have regional systems of
administrative units coordinating and supplying local outlets, where the location of
outlets is constantly shifting. Therefore, our empirical strategy may not be suitable for
these sectors.

2. HQs Locations

To motivate our formulation of the location problem we first look at some data on
location patterns of manufacturing, business services, and HQ activity. In order to capture
the pattern of geographical distribution of each activity, we calculate the location
quotients (LQs), which measure how disproportionately a given activity is concentrated

in a location compared to overall economic activity. Based on the 1997 County Business



Patterns, for each county in the USA, we calculate a county’s share of the national total
count of establishments in a given activity (e.g., HQs) and divide, or normalize it by the
county’s share of national total private business establishments. We use establishment
counts to measure LQs, rather than employment, since the latter are subject to censoring.
In Figures 1-3, we plot LQs for each activity against the county’s size, as measured by
the In(total private employment) for counties with 10,000 or more employment.”

What Figures 1 and 2 reveal is that manufacturing production activity is found
disproportionately in rural counties and smaller urban counties, as indicated by the low
(below 1) LQs for manufacturing in larger counties. In contrast business services are
found disproportionately in large urban counties.

Turning to manufacturing HQs’ location, note that based on the 1997 CBP, we
can observe only the geographical distribution patterns of a slightly bigger category
labeled as auxiliary establishments.’ In the empirical part of this paper, we will use the
Census micro data set, where we are able to identify HQs that support manufacturing
activity. However, here, we use the CBP to circumvent disclosure problems for the
Census micro data. In Figure 3, we explore the location patterns of manufacturing
auxiliary establishments. The figure suggests a quite dispersed geographical pattern of
manufacturing auxiliaries, which appears more like the figure for manufacturing
production activity than that for business services. While we cannot present the
corresponding graph based Census micro data, this same dispersed pattern is also found
there.

The relative concentration of HQs in medium and smaller size cities contrasts
with the geographical distribution of business service industries, which makes a
fundamental point, noted in Aarland et al (2003). HQs are not as disproportionately
concentrated in large metro areas as is commonly thought. For example, New York
County (Manhattan) is not really a HQ’s center per se, as can be seen in Figure 3. It is

business service center. As such, it does draw in some number of HQs, which seek to

? For small counties, the measure of LQ is influenced by the lumpiness of the data.

* In the Census micro data for 1997, over 65% of auxiliary establishments fall in the category of HQs as
defined as NAICS 551114. If one goes to the 2000 CBP data we can separate out HQs from other
auxiliaries using the NAICS classification. However in 2000, we cannot distinguish manufacturing from
other industries.



purchase business services or who seek visibility and exchange of information (Davis and
Henderson, 2004); but the concentration is fairly modest compared to business services.
3. Model
To help structure the discussion, we outline a simple model of the relationship between a
firm’s HQ location and firm productivity. The model is stylized, but it motivates the
empirical formulation and issues raised later. A firm’s HQ activity is performed using
HQ employment and purchases of local intermediate inputs. HQs purchase these services
each in their local markets, and we assume that the variety of services available varies
across locations. We also assume that a HQ’s productivity is influenced by several other
factors. First is the scale of HQ activity of other firms at the locality, which represents the
externality from these activities such as information spillovers. Current evidence (eg.,
Rosenthal and Strange 2004) suggests such spillovers are very localized, consistent with
the findings in Jaffe et al (1993). Second are firm characteristics such as firm size, and
the third is the geographical relationship between the HQ’s location and the locations of
the firm’s production activities. The geographical relationship between a HQ and the
firm’s production plants also influences how efficiently the HQ can support, manage, and
monitor its plants.

Based on these notions, we write the production function of firm &’s HQ located

at i as follows.
By = AN/ X, SOLL D 2,0)" (1)
J

where £, is the service level of firm &’s HQ located at 7 and its direct inputs are /,;, the
HQ’s own employment, and z,; , the amount of service j that the HQ purchases in its

location i. These purchased services enter in Dixit-Stiglitz-Ethier fashion, where m, is the
number of varieties of business services available at location i. p measures the technical

need for variety of differentiated service inputs in HQ performance and « is a share

parameter. The closer p is to one, the more substitutable are inputs and the less important
is diversity of services. Note that the elasticity of substitution is1/(1— p).
In equation (1), the HQ’s service production is subject to a Hicks’ neutral shift

factor A(), which contains three arguments. First is N/”, the number of other HQs at



location i; assuming that there are localized scale economies of HQ activities,

04/0N/™ >0 . Second, S, represents characteristics of firm &, and X, is a vector of
variables representing the geographical relationship between firm £’s HQ located at i and
the locations of the firm’s production plants.

Assuming that HQs employ labor and purchase intermediate business services
from local markets, we denote the wage of HQ labor and the price of service j in location
iby w™ and p, , respectively. We assume that intermediate services are produced under
monopolistic competition, where there are many local demanders, and the local
equilibrium is symmetric. The labor required by a differentiated service to produce total

local output Z; is L; =c, +¢,Z, and labor is employed at a wage rate of w,. Then by
standard results, p, =cw,/p, where 1/ p represents the extent of mark-up over marginal
cost cw,.

As the next step in defining the contribution of a HQ to a firm’s profits, we now

look at a firm’s sub-problem of choosing the optimal level of its HQ’s activity, by

deciding the level of inputs used by the HQ, /,, and {zk,.j} , taking the locations of the HQ

and the firm’s plants as given. We write the contribution of a HQ located at i to the
overall profit of firm k as 7, = h, — (w1, + Z P;Z;) - Solving the maximization of 7z,
j

w.r.t. [, and {Zkij} , assuming symmetry across intermediate service suppliers and

using p, =c,w,/ p, we obtain

1-p /

—Lale

" = e AN X, S (W) (wy) ™ (my ) ¥ > (2)
where ¢, =1/(1-¢-a), and ¢, is a collection of parameters.

Turning to the firm’s problem of choosing its HQ location, given (2), a firm looks
across feasible locations and chooses the location for the HQ that maximizes the HQ’s
contribution to firm profits. 7,/ varies based on firm-county variables, X,,, which
characterize each county’s geographical relationship to production plants of firm «.

7, s increasing in the variety of intermediate services available at the local market,



decreasing in local labor costs, and increasing with the numbers of other HQs at the
locality, due to positive scale externalities. Note that equation (2) shows that 7, also
depends on firm characteristics S, ; but since these do not vary across counties, if we

impose separability within A(+), they will not influence the HQ location decision.
4. Empirical Implementation
Based on the above model, we assume that a firm chooses a location for its HQ by

comparing ™, across possible locations. In particular, we use the county as the

geographical unit and examine the firm’s choice of counties for its HQ. Apart from the

arguments in equation (2), we assume there is a random component, ¢,., and unobserved

county specific attributes, g, that influence r,,”°. Thus we write

ll’lﬂ'kl.HQ =B'X, +f +&;, (3a)

where f,=7v'X, +g, . (3b)

In (3), f, represents both measured and unmeasured county attributes that influence HQ
productivity. The measured county attributes are summarized in the vector X, . Below we
discuss how we measure these county attributes, as well as firm county attributes, X,,,
which describe the geographical relationship with the HQ and plants. pand y are vectors

of parameters.
To estimate the parameters in (3a), we assume the Type I extreme-value

distribution for ¢, and we perform multinomial logit with X,, and county dummies as
covariates. Then, to estimate the parameters of equation (3b), we use the estimated
coefficients of the county dummies from (3a), fl , as the dependent variable; and estimate

equation (3b) by OLS and IV methods. The issue with OLS estimation is that the

measured county characteristics, X,, which affect profitability in the county may be
correlated with the unobserved/unmeasured characteristics represented by g,. The two

stage estimation procedure follows Berry (1994) and Bayer, McMillan and Reuben

(2004). We describe the instruments and IV estimation methods below.



Note that in (3a) and (3b), all firms are assumed to have the same coefficients for
covariates, or the same technology. In estimation, we will experiment to allow firms to be
heterogeneous in the sense of having different coefficients. Say larger firms which could
be typed as higher quality firms may value aspects of urban environments differently. It
may be that firms of different sizes value the availability of outsourcing possibilities or

access to plants differently. Let us denote size of firm k as S, . Then, based on equations

(3a) and (3b) under heterogeneous coefficients, we rewrite the equation so that

coefficients for X, and X,, vary with S, :

1n ﬂ.kiHQ = (Bl + BZSk )'Xk[ + (YZSk ) 'Xl + f; + gki s (4a)

where f=7,'X;+g, . (4b)

In the above equation, f, represents the effect of measured and unmeasured county
variables that are common to all firms. y, represents how the effect of X, changes
depending on firm size and B, represents how the effect of X,, changes based on firm size.
We perform multinomial logit to estimate B,, B,, v,, with county fixed effects
represented by £, . Then, we perform OLS and IV estimation to recovery, .

5. Data

We use micro-level data from the Auxiliary Establishment Surveys (AES) and the
Standard Statistical Establishments Lists (SSEL) compiled and organized by the U.S.
Census Bureau. The AES is a census containing information on firms’ non-production
(auxiliary) establishments including HQs, while the SSEL is the list of all private
establishments in the USA containing basic information such as location, industry, and
total employment. Among auxiliary establishments (that are physically separated from
production plants of firms) in the AES, establishments we refer to as HQs are those which
fall in the category of NAICS 551114 in the 1997 AES. NAICS 551114 includes

corporate, subsidiary, and regional headquarters of firms.*

* NAICS 55114 definition: establishments (except government establishments) primarily engaged in
administering, overseeing, and managing other establishments of the company or enterprise. These
establishments normally undertake the strategic or organizational planning and decision making role of the
company or enterprise. Establishments in this industry may hold the securities of the company or enterprise



5-1. Sample

As detailed in Aarland et al. (2005), stand-alone HQ activity applies to a small part of the
firms in the USA economy. Only .34% of firms have HQs, although these firms do
employ 37 million workers. And among the HQs, there is a big portion of HQ’s
belonging to some very large “multi-national” corporations with very diverse production
patterns (Aarland et al., 2005). These firms typically have 20 to 30 HQs each, where each
HQ is responsible for some sub-division of the firm or some set of operations. For these
firms, it is not clear how to identify which plants are supported by a given HQ, and this
makes it difficult to see how a specific HQ is located relative to the production facilities
that the HQ supports.

In order to better see the effects of plant locations on a firm’s decision on HQ
location, we focus on the event where firms establish a single stand-alone HQ for the first
time. In some sense, we are intercepting firms’ growth path, where the firms initially
have several plants and later decide to have a stand-alone HQ, possibly because of the
increased needs for coordinating plant activities and outsourcing for plants, etc. By
examining just these firms, we can see how the location for the first HQ is chosen,
without introducing the complication that the location of the firms’ pre-existing HQ’s
might also have some influence, apart from the whole issue of trying to assign specific
HQ’s to specific plants within the firm. Having said that, we note that our sample is not
dissimilar to multi-establishment manufacturing firms more generally, where we define a
firm as manufacturing, if over 50% of its plants’ employment is in manufacturing. For
example the 14,797 multi-establishment manufacturing firms in 1992 have a mean of 3.9
manufacturing plants per firms and a mean of In(total firm manufacturing employment)
of 5.06. For our sample, as discussed later in Table 1, the respective means are 3.6 and
5.36. Our firms are a little larger in terms of employment and a little smaller in terms of

numbers of plants.

(US Census Bureau, 2001). These establishments are to be distinguished from “back offices” which the
Census defines as establishments primarily engaged in providing a range of day-to-day office
administrative services such as billing and record keeping. These come under NAICS 56111 (office
administrative services).



Using 1992 and 1997 AESs and SSELs, we identify 488 manufacturing firms that
established a new single HQ between 1992 and 1997 and that pre-existed in 1992.° Of
these 488 firms, 127 firms had all manufacturing production activity in one county and
the rest had on average about 60% of their production activity (in terms of manufacturing
plant employment) in one county. For firms with production activity spread over several
counties, most have one county that is clearly the dominant location of plant activity. For
each firm, we define a base county — the one which has the greatest share of the firm’s
production activity (in terms of plant employment). For the firms in our sample, 372
firms have an urban base county, and 116 firms a rural base one.

Of the 372 urban-based firms, almost all of them choose an urban county as their
HQ location, and of those 55% locate the HQ in their base county. However, the firms
that did not choose their base urban county establish a HQ that on average is 616 miles
away from their base county.® For the 116 rural-based firms in our sample, 46 have their
HQ in a rural area. Virtually all of these are either at their base rural county or are
collocated with other plants. The rest (70 firms) chose urban counties as their HQ
location away from rural production facilities. Interestingly, the majority of these firms
do not choose the nearest PMSA, which is on average located about 51 miles from their
base county. Instead, on average they establish their HQ 550 miles away from their rural
base.

Our first focus is on the 429 urban and rural based firms that established their
HQs in urban area. We restrict ourselves to urban counties, since it is only for these that
we can construct some variables on county characteristics (see Section 5-2), and firms
virtually never choose a rural county for an HQ unless production is sited there. For the
429 firms in our sample, we examine why a firm chooses a specific county for the HQ
location, as compared to other urban counties. Is it because the county has the firm’s
production facility, or is close to the centroid of all the firm’s production activities? Or is

it because the county offers a greater variety of business services, for example?

> The AESs vereport the main production activity that each auxiliary supports at the 2-digit SIC level. We
focus on firms that did not have any stand-alone HQs in 1992 and established a single manufacturing HQ
between 1992 and 1997.

% Note that we calculated the average distance excluding some outliers.
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This choice problem describes the full problem for urban-based firms—which
urban county to put their HQ in. However for rural-based firms, we have only analyzed
which urban counties are chosen by the set of firms that do not put HQs in their rural
dominant counties. In logit framework, for rural based firms there is an upper level of
nesting, where the firm “first” makes a decision about whether to collocate the HQ with
its rural facilities or not. At the end, we will look at the upper level nesting problem and
the dichotomous decision for rural based firms of whether to collocate or not.

5-2. Covariates

Here we describe the variables used in estimation and their rationale. We construct all
variables for covariates based on data in 1992, the base year in which births occur
between 1992 and 1997. This avoids capturing the effect of a newly selected HQ location
on the locations of a firm’s production plants, which we treat as exogenous. For example,
suppose a firm establishes a HQ in a county because of, say greater variety of services
available there. It is possible that the firm learns that the locality of the HQ is also
suitable for production activities and in order to reduce coordination costs, moves plants
closer to the new HQ location. While this scenario is not inconsistent with the story that
we have in our mind, looking at plant location ex post would result in overestimating the
importance for HQ location decisions of proximity to production activity.

Firm-county attributes

What variables do we adopt to capture the geographical relationship between a potential
county for a firm’s HQ location and locations of the firm’s production activities, as

summarized by X,, ? The X,, variables are meant to capture how suitable a county is for a

HQ to coordinate and serve production activities. As we discussed earlier, proximity to
the production activity would reduce costs of coordination as well as costs of
“transferring” business services both produced and outsourced by the HQ back to plants.
As a measure for such proximity, we calculate the distance from a county to the centroid
of a firm’s production activity.

To do that, we first identify the centroid of all the places where the firm’s
manufacturing production takes place. Denoting firm &’s manufacturing employment in

county i by n,, and the longitude and latitude of geographic center of county i by (x,,y,),

we calculate the centroid for firm %, (xf , yf) , as:
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x* =Zx,. i ,and y* =Zy,. i

i Z ny; i Z Ty

We then calculate the distance from each county to that centroid to measure how far each
county is to the centroid of the firm’s production activity.

Note that for a firm that has all of its production activities in a county, the
centroid is the center of the base county. In our sample of 429 firms, 116 firms have all
production activities in one county. In addition to the distance to the centroid, we also use
dummy variables indicating, for each county, whether the county has any of the firm’s
activity; and we distinguish between firms that have all production activity in one county
versus those which have production activity in multiple counties. And for multi-county
firms, we also estimate the additional effect of a county being the base county.

County attributes

How do we measure county specific attributes summarized by X, ? First, as discussed

above in equation (2), we specify that firms’ profitability is affected by the extent of other
HQs in the county, representing the possibilities for localized information spillovers and
gathering about market conditions, innovation, and the like. As a measure of the local
scale of HQ activities, we use the number of other manufacturing HQs in a county.
Second, equation (2) also shows that firms consider cost conditions in choosing
the location for HQs. There are labor costs for HQ employees. For each of all the stand-
alone HQs in 1992, based on the AES data set, we calculate the average annual payroll
per worker. Then, assuming that the labor market is at PMSA level, for each PMSA, we
take the median of the average payroll among HQs in the PMSA. This is a standard
procedure in the literature for calculating potential wage rates facing new establishments
to a location. However for new HQs in particular, many employees may not be new and
may be transferred from the base facilities. As such their labor costs may be determined
by historical firm factors and prior wages, so the constructed county wage variable may
poorly measure labor costs for these new HQs. In addition, we control for PMSA
employment, which controls for rent costs, as well as urbanization economies and other

aspects of general PMSA scale.
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The most critical issue concerns how to treat the differentiated intermediate
business service inputs in equations (1) and (2). Following Davis and Henderson (2004),
rather than thinking of there being one type of differentiated business services, we
consider eight categories to be included as intermediate service sectors. The eight
categories we consider (with SIC code) are advertising (7310), employment agencies
(7361), computer and data processing (7370), legal (8100), engineering and architectural
(8710), accounting (8720), research and testing (8730), and management and public
relations (8740). We assume intermediate service producers within each service sector
are identical, so there is a symmetric outcome. We also assume that p is common across
all eight sectors so as to allow eight rather than one sector to be included in equations (1)

and (2), and we create two indices:

8 o 8 o
w! EZ—"’lnwf, m! EZ—‘lnmf , where a, EZaS
s=1 aT s=1 aT s

Taking the logarithm of 7,/ in (2), we can see that in estimation, the parameters of the
two indices, w/ and m/, are respectively —a, /¢, and (1- p)a, / pc, , from which we can
recover p.

For any sector, such as advertising, , / &, is calculated from national input-output

tables for 1992 as total expenditures in all manufacturing on advertising divided by total
expenditures on all eight business service inputs in all manufacturing. The index for each
county w/' then is the weighted sum of wages (in log) in each of the eight sectors in that
county and m is the weighted sum of the number of establishments (in log) in each
service sector in that county. For sector wages, w', the median of the per-worker wage of
establishments in each sector in a given county is used, and they are calculated based on
the SSEL. Counts of establishments, m;, are from the CBP (Davis and Henderson, 2004).

Note that, in order to calculate these indices for a given county, we need the data
for wages as well as the number of establishments for all eight service inputs. However,
these generally exist only for central urban counties; for rural and suburban counties there
are almost always holes — sectors that don’t appear. Business services are highly

concentrated in the central business county of each metro area and data suggest that

suburban firms make their purchases from these centrally located firms (Swartz, 1992).
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Therefore, assuming that a HQ has access to the services at the central county, for each
county in a PMSA, we assign the index calculated for the central county.

Firm-level variables

As we discussed earlier, we will also estimate a heterogeneous coefficients model, as
specified in equations (4a) and (4b), where we want to represent firm “quality”. Higher
quality firms may have different profit functions, with different intensities of intermediate
business service inputs usage or of local scale externalities. We will generally
differentiate firms for this purpose by assuming “quality” is reflected in size, measured
by the log of total number of employees of the firm in its manufacturing plants in 1992.
5-3. Summary Statistics

As we mentioned in Section 5-1, there are 429 firms, which chose urban counties as a HQ
location. We will also look at a sub-sample of 133 firms, with free-standing HQs which
are not collocated with production facilities, as discussed below. Some key firm
characteristics are summarized in Table 1. Column 1 is for the full sample, and column 2
for the sub-sample. Firms in the full sample have on average 3.6 manufacturing plants
each, which are geographically spread out. The average of log firm mfg. plant
employment is 5.36 (sd = 1.34), which is equivalent to 212 employees.

Table 2 shows summary statistics of county variables. There are about 800 urban
counties as of 1994 in the USA, but among them, only 204 counties (belonging to 140
PMSASs) were chosen as locations of HQs by the 429 firms included in our base sample,
and 91 counties (belonging to 75 PMSAs) are chosen by 133 firms in our sub-sample.
6. Empirical Results
Here we present our empirical results. In Section 6-1, we discuss the results from the
homogeneous case as specified in equations (3a) and (3b), and in Section 6-2, we discuss
the results from the heterogeneous case.
6-1. Results from homogeneous case

Table 3a presents the results of the multinomial logit based on equation (3a),

where we examine the effects of X, on firms’ location choice for their HQs. We focus

first on the results for the full sample containing 429 firms (column 1). However we also
look at the sub-sample containing 133 firms with free-standing HQs (column 2). We then

turn to equation (3b) to examine the effect of county specific characteristics, for which
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the results are shown in Table 3b. Why the sub-sample of 133 firms? As we will see
momentarily, the location decisions of the 429 firms are typically “dominated” by
concerns with collocating HQs with production facilities. Thus we want to check
whether firms that don’t collocate their HQs with production facilities evaluate county
characteristics such as scale and business service cost and diversity differently than
collocaters. For rural-based firms in this sample, who are non-collocaters, this is also a
check that they have the same coefficients in equations (3) as other firms.

6-1-1. Results of multinomial logit: effect of firm county characteristics

Effect of distance

Table 3a presents the results from the multinomial logit in equation (3b) for the
homogeneous case. In column 1, the results suggest that proximity to production plants
is an overwhelmingly important attribute for a county to be selected as a HQ location. As
we discussed above, a HQ has to communicate with, monitor, and evaluate production
plants in supporting their activities. For a firm with production facilities in a single
county, comparing the probabilities of being in a county without firm production to the
county with production facilities, if the former has a base probability of say .005, ceteris
paribus, the latter rises to .005 e *°, which is over 1. Of course the probability shouldn’t
exceed 1; but what the calculation ignores are the fixed effects (i.e., the ceteris paribus
doesn’t really hold). Counties with production facilities are generally inferior one to those
without. For example the average fixed effect for the 113 counties where only collocating
HQs locate is -1.76, while the average fixed effect for the 39 counties where only non-
collating HQs locate is -1.06. Nevertheless the marginal effect of collocation is extremely
large. Similarly, for firms with production facilities in multiple counties, the effect of a
county having some production facilities is based on e>; and, if that county is the

33711 Note the overall effects of

dominant base county, the effect is enhanced by e
locating the HQ in the base county are similar for single and multiple county firms.
Below when evaluating other effects we will do a comparison with the effects of
collocation for a single county firm; but results would be similar if we did the comparison
for a multi-county firms.

Apart from collocation effects, we also look at how distance from a county to the

centroid of a firm’s production activity, d*,, , influences a firm’s probability of choosing
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that county as a HQ location. The coefficient is negative and significant. Locating the HQ
further from the centroid reduces the HQ profitability. We can assess the magnitude of,
say, a 1 s.d. decline in distance (538 miles) in two ways. First is the percent change in the
probability which is approximately 77% (=538*.00143*100). Alternatively, one can
compare the effect on profits relative to, say, choosing the base county for a single county
firm. For a single-county firm, given that the firm did not choose its production county,
the implied increase in HQ profit from decreasing the distance to the production county
by 1 s.d. (536 miles) would be 13% (=(538*0.00143)/6.037*100) of what results from
choosing to collocate in the production county.

This analysis should make it clear that collocation with plant activity is a
dominant factor in location decisions for many firms. As such we also perform logit
analysis for the sub-sample containing 133 firms, which do not collocate their HQs with
any of their production activities, in order to see if the effect of distance to the centroid
differs from the full sample. We exclude dummy variables (D1 and D2) here since we
examine the location choice given that firms all establish non-collocated HQs. Column 2
in Table 3a presents the result, resulting in a similar coefficient to that in column 1, which

shows again a negative and significant effect of the distance,d”,,, on HQ profitability.

6-1-2. Effect of county characteristics

Next, let us turn to the effects of county specific attributes as specified in equation (3b),
based on the estimated fixed effects from equation (3a). As we discussed, estimation
using OLS results in inconsistent estimates given the presence of unobserved and/or
unmeasured county attributes, and we instrument all five county variables that we include
in the model. In what follows, we first discuss our instruments.’

Instruments for IV Estimation

Instrumenting in a cross-section data set for aggregates such as county scale, HQ wages

and the w/ m/ indices is difficult, in the sense that it is hard to find variables to use as

7 For example, some unobserved county specific attributes such as the quality of labor and accumulation of
creative persons, which might benefit HQs, would be correlated with average wage level. This would
underestimate the negative effects of labor costs. Any unobserved county characteristics that attract these
HQs may well attract other HQ activity as well as other activities to that county, causing the upward bias to
the coefficient of the number of HQs as well as PMSA size.
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instruments that are correlated with these covariates but do not plausibly affect HQ
profitability. Nevertheless there are several strategies.

The first is to use variables that represent consumer amenities at each location but
do not affect HQ profitability per se. For example, consumer amenities drawing in
residents may partially be reflected in wage capitalization (Gyourko and Tracy, 1989)
and also city size, but do not directly affect HQ productivity. We experiment with the full
range of geographic variables from 1977 utilized by Rappaport and Sacks (2003).% In our
context, however, these variables turn out to be weak instruments, and thus we do not
adopt them. But we also have socio-economic measures of consumer amenities, such as
the crime rate, which would not directly influence HQ productivity.

A second is to use historical measures of current covariates. The argument for
these as valid instruments in identification is as follows. The shocks affecting
productivity today are different from the shocks affecting productivity historically. The
shocks that influence a firm’s location choice for HQs might have to do with unobserved
features such as density of the business district area, labor force quality,
telecommunications, regulation and tax breaks for businesses, unobserved sources of
information for HQs, etc. These change with time, especially given massive intra-state
highway construction, suburbanization, changes in state and local political regimes, and
massive population turnover in cities with the high degree of population mobility and
immigration in the USA. However, despite these changes, for economic sectors where
externalities are important, in theory (Arthur, 1989) and in practice (Black and Henderson,
2000), there is slower turnover of industries. This observation leads to a basic idea. Even
if economic conditions change in a city so that for a cluster of firms in a particular sector
it would be beneficial for all firms to move to some cheaper, sunnier, or less congested
location, there is a co-ordination failure problem. Any one firm would not want to leave
the original cluster since if all other firms do not follow, the firm loses the social capital
and contacts at the original location. This idea can be expanded to looking at sales
potential for a firm in a regional market and measures of the firm’s market potential.
Again it might pay the whole region to move en mass, but that also faces a co-ordination

failure problem. And of course there are also pure relocation costs, from physically

¥ We thank to Jordan Rappaport for providing many of the variables.
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moving, hiring new employees, re-establishing business links with suppliers and
purchasers. All this suggests that there is potentially enormous persistence in magnitudes
of covariates over time, even if certain unobservables affecting productivity change. But
the usual view on historical variables is that to escape the correlation of unobservables
affecting productivity over time, it is necessary to use “deeply” lagged covariates as
instruments. We try to adopt variables calculated for 1977 going back 15 years. We will
also use some county economic variables calculated for 1930.

Our instruments are a mixture of amenities and historical economic variables. As
amenities, we include the 1977 violent crime rate and 1977 local employment by the
federal government. We also include a dummy variable to indicate counties that belong to
multi-county PMSAs and a dummy to indicate counties in suburban areas, which would
represent PMSA size. For “deeply lagged” economic variables we used the 1930
Population Census counts of retail (central county of 1992 PMSA) and wholesale (own
county) establishments and the average wage in the wholesale sector, as indicators of
historical conditions in non-manufacturing that might persist and are correlated with later
development of the business service sector. These instruments are satisfactory for some
covariates but the degree of relevance indicated by the R-square from the first stage
regression dramatically increases as we add 1977 measures for HQ wage and business
service diversity and business service wage indices.

As a first stage regression, we regress each county specific variable on these ten
variables. For all county variables, F-statistics and R-sq.’s are very high. For the base
sample with 204 counties, adjusted R-sq.’s are .68 for the number of other manufacturing
HQs (in log.), .96 for m/, .62 for w', and .53 for HQ wage (in log), and .92 for PMSA
employment (in log.). F-statistics are 44.9, 472.8, 33.4, 24.1, and 220.2, for the number of
other manufacturing HQs, m/, w', HQ wage, and PMSA employment, respectively,
which are all high. They are strong instruments, with HQ wages having the weakest
instruments. Below we report results on tests for their exogeneity and for the aptness of
the overall specification.

We performed OLS, 2SLS, as well as [IV-GMM to incorporate heteroskedasticity.
The results from 2SLS and IV-GMM are qualitatively the same. Here, we report the
results of [V-GMM.
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Effect of the number of manufacturing HQs
Table 3b presents results on county characteristics. In terms of the estimation method,
first we note F-tests in Table 3b and later Table 4b indicate the set of covariates are

endogoneous.” Second we note that y? values for specification tests, which test for

exogeneity of instruments to residuals (as well as aptness of the overall specification)
pass easily, with low test statistic values and high p-values.

In terms of estimated coefficients, we first look for evidence of positive scale
externalities from having other HQs locally. As shown in Table 3b, for the homogeneous
case, the effect of the number of manufacturing HQs is insignificant, which appears to be
inconsistent with the findings in Lovely et al. (2003) and Davis and Henderson (2004).
However as Lovely et al. (2003) also pointed out, it is possible that the externality has
heterogeneous effects. We explore this possibility in Section 6-2, under the assumption of
heterogeneous coefficients.

Effect of the degree of diversity of business services

Next, let us look at the effect of the price and the degree of diversity of intermediate
services available at a county. In Table 3b, the effect of the index for local service
diversity, m/ , is positive and significant. The variety of business services in a local market
increases the profitability of HQs located there, and thus increases the probability that the
county is chosen as the location for HQs. How about the effect of the price of business
services represented by w’ ? In column 1 of Table 3b, the coefficient for w/ is negative
but insignificant. However, in column 2, where we focus on firms with non-collocated
HQs, the results are sharper and the coefficient is negative and significant.

Based on the coefficients of m/ andw/, we can recover p specified in equation (1).
For the base sample (column 1 of Table 3b), p is calculated as .54 (=-.143/(-1.43-1.23)),
and the elasticity of substitution o is about 2 (=1/(1-.54)), indicating that there is some
degree of substitution between intermediate services but it is not that high, so diversity is

very important.'® For the sharper results in column 2, the result is similar: pis .61 and o

? The F-test for endogeneity involves regressing the county fixed effects on the five county specific
attributes that we include as covariates and the residuals from the first stage OLS. The F-tests suggest the
endogeneity of county specific variables, so that these variables have to be instrumented.

' From equation (2) the coefficients for m' and w!' respectively are (1-p)a, / pc; and —a, /c.
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is 2.5. To get a sense of magnitudes of diversity effects, as above, we compare the effects
of collocating a single-county firm’s HQ with its production facility versus that of the
variety of services. For a single-county firm, given that the firm did not choose its
production county, the implied increase in HQ profit from increasing diversity by 1 s.d.
(1.12) would be 23% (=(1.23*1.12/6.037)*100) of what results from choosing the
production county. Alternatively stated, the variety of business services has to increase by
4.4 s.d.’s —1.e., roughly from a minimum to maximum value of business services within
the sample, in order for a firm to be indifferent between collocation and being non-
collocated with a greater variety of business services, ceteris paribus.

For the sub-sample of non-collocating HQs, results are in column 2 of Table 3b.
Effects of county variables are similar. But if we want to look at distance trade-offs for
these firms alone, we would have to compare the effects of distance between their new
HQs and their centroid and the effects of, say, diversity. Based on this, the percent

increase in 7. that results from increasing m’ by 1 s.d. (1.12) is around 1.8 times as
large (=1.59*1.12/(.00156*642)) as the percent increase in z/° that results from

decreasing the distance by 1 s.d (642). Now for these firms that do not collocate HQs,
diversity effects appear strong relative to access to plant effects.

Other effects

In both columns 1 and 2 of Table 3b, coefficients for PMSA size are negative and
significant, showing that all other things being equal, congestion and rent effects make
larger PMSAs relatively less attractive. Coefficients for HQ wage are insignificant. As
mentioned before, firms may move their own employees to a new HQ location, and so
that calculated HQ wage rates in that location may have little effect on the HQs’
profitability. We also note this is the variable with the weakest instruments.

The upper level of nesting

In the estimation in Table 3, the full sample of 429 firms for that estimation excludes 46
rural firms whose production facilities are rural based and who chose to collocate HQs at
the rural base. For the 116 total rural based firms, as explained above, we have only
estimated the lower level nested logit problem: the choice of urban counties by 70 (=116-
46) tirms, conditional on those firms not having selected their rural production counties

for their HQ locations. At the upper level of nesting, the 116 total rural based firms face a
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dichotomous choice of whether to collocate their HQs near their rural base production
facilities versus away from their rural bases, in which case they then choose from the
array of urban areas in which to put their HQs. To perform the upper level nesting, as in
the standard procedure, we calculate the inclusive value for each of the 166 rural based
firms, using the 204 urban counties included in lower level estimation (including county
fixed effects for each urban county as part of the inclusive value calculation). We then
add as covariates firm variables such as total firm manufacturing employment, share of
that employment in the rural base county, distance from the rural base county to the
nearest PMSA, and employment of the nearest PMSA. In the upper level logits, the
inclusive value is always significant and positive, indicating correlation of error drawings
across urban areas, compared to the drawing for the rural own county. However all other
covariates are insignificant, whether entered collectively or on their own. If the inclusive
value is excluded, then the share variable on its own is significant, where a greater share
of the rural base county in firm production operations increases the probability of
collocation. However given that the results on these other covariates are uninteresting
once the inclusive value is added, we don’t report them.

6-2. Results for the Heterogeneous Case

As we mentioned earlier, based on equations (4a) and (4b) we experiment with allowing
for heterogeneous coefficients where effects vary by firm “quality”, as measured by size.
We first performed multinomial logit, allowing heterogeneous coefficients for all county
and firm-county variables. Given our limited sample size, however, we found that there is
little evidence of overall heterogeneity; and results with so many coefficients are weak.
Therefore, we decided to focus on the variables, for which we found stronger evidence
for heterogeneity. These are the dummy variables for multi-county firms and the effect of
the scale externality from HQ activity. The last is statistically insignificant in the
homogeneous case (Table 3b); but it has a different impact under heterogeneity.

Results are shown in Tables 4a and 4b. For county-firm variables, the variables
having statistically significant heterogeneous effects are those for multi-county firms --
both the dummy variable (D1) indicating a county with firm production activity and that
(D2) for the base county. Column 1 of Table 4a tells us that for larger firms, the effect of

having collocated plant activity diminishes with firm size, but the effect of being in the
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base county itself increases with firm size. For larger firms, the absolute scale of
production at the base county is greater. It is possible that the greater scale of production
requires special support from the HQ, which might increase the likelihood of keeping
HQs in the base county for larger firms.

We now turn to the effect of the scale externality variable, the key item we are
interested in terms of heterogeneity. As shown in Table 4a where we estimate equation
(4a), for the full sample, the coefficient of the heterogeneous term for the number of
manufacturing HQs is positive and significant, indicating that bigger firms value the local
scale of other firms’ HQ activity more. In Table 4b based on equation (4b), the base
effect of the number of manufacturing HQs is negative and is now significant; the overall
scale effect is -.561+.102xS}. As shown in Table 1, mean firm size measured in terms of
log plant employment is 5.4 and the standard deviation is 1.3. At just over the average
firm size, the scale effect becomes positive and then rises with firm size. It is possible
that larger firms have greater needs to learn from other firms, and therefore it might be
beneficial for them to locate their HQs close to other firms’ HQs. Note that in our current
specification, however, for firms that are smaller than the average size, the effect of the
number of manufacturing HQs appears to be negative. While this could just reflect the
confines of the linear specification, it is possible that there are some competition effects
that make counties with greater number of other manufacturing HQs less preferable for
small firms.

Nevertheless, here we calculate the effect of scale externality for a larger firm.
For a firm with the size of, say, 1.5 s.d. (1.95) above the mean firm size, the coefficient
is .189 (=-.561+.102%(5.4+1.95)). From column (1) in Table 2, In(N,°) is on average 2.2
(which translates to about 9 HQs per county) and standard deviation is 1.3. Based on this,

we found that, even for a big firm, the increase in its z,/° that results from 1 s.d. increase
in In(N/?)is much smaller than that of m’ and is even smaller than the effect of 1 s.d.
decrease in the distance to the centroid. The percent increase inz,° due to 1 s.d. increase
in In(N/) is only 17.5% of that of m/ and is 28.9% of that for decreasing the distance to

the centroid.
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Lastly, in Table 4b, the coefficient of wage/cost index for services is now

significant, while p is almost the same as we found from the homogeneous results. In
Table 4b, p is .54 for base sample (column 1), and .62 for the sub-sample (column 2).

7. Conclusion

Using the sample of manufacturing firms that first established a single stand-alone HQ
between 1992 and 1997, we found that in choosing the location for HQs, firms consider
not only greater variety of services and/or greater local scale of other firms’ HQ activities,
but also geographical proximity to their production facilities. In fact, at least for the firms
in our sample, our empirical results suggest that it is very costly for firms to send HQs
away from the counties where they have production facilities, possibly due to increased
communication and coordination costs. Thus, firms would not choose such counties
unless the counties offer much greater variety of business service or, for bigger firms,
greater scale of other HQ activities. However, once firms send HQs away from their base
production counties, while a shorter distance to the centroid for HQ location is preferred,
firms seem to be more focused on searching for county attributes that enhance their

outsourcing possibilities.
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Table 1: Firm Characteristics

(@) 2)
All 429 firms 133 firms with free-
(full sample) standing HQs
Mean S.d. Mean S.d.
No. of mfg. plants 3.597 3.216 3.301 2.807
Firm’s mfg. plant employment (in log) 5.356 1.337 5.608 1.300
Distance from the new HQ to the centroid 384.8 537.7 636.6 641.6
Distance from the new HQ to the base county | 379.1 678.5 696.3 735.7
Table 2: Characteristics of counties in choice sets
) 2)

Counties chosen by firms
in full sample

Counties chosen by firms
with free-standing HQs

204 Counties

91 Counties

Mean S.d. Mean S.d.
Log (No. of mfg. HQs) 2.168 1.297 2.623 1.280
w/ 2.481 0.247 2.500 0.240
m/ 3.917 1.121 4.208 1.121
Log (PMSA HQ wage) 3.626 0.148 3.647 0.139
Log (PMSA employment) 12.806 1.219 13.07 1.198
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Table 3: The results from homogeneous case

3a: Multi-nomial logits

(D 2
429 firms 133 firms
D1I: =1 if a county has the firm’s mfg. plants 6.037***
xDS: =1 if Single-county firm (.338) NA
DI 5.344%%*
x DM =1 if Multi county firm (.203) NA
D2:=1 if a county is the firm’s base county 1.107%**
x DM (.225) NA
-.00143%** -.00156%**
d,, : Distance to the centroid (.000143) (.000220)
Yes (204
County fixed effects counties) Yes (91 counties)

Counties with D2=1 are a subset of counties with D1=1 for each firm.

3b: IV GMM: Dependent variables: County fixed-effects

A 2)
204 counties 91 counties
-.0310 .0226
No. of mfg. HQs (in log.) (.0590) (.126)
1.229%%** 1.585%**
m (.286) (.430)
-1.428 -2.608**
w/ (.947) (.828)
977 482
HQ wage (in log.) (1.030) (1.244)
-.804%** -.906%**
PMSA size (.223) (.209)
Hansen J statistic 7 (5)=4.341 27 (4)=6.242"
1" [p-value] [.501] [.182]
F(5, 193) F(5, 80)
F- test for endogeneity: 2.50[.032] 4.64 [.0009]

Robust standard errors with clustering over counties in the same PMSA are used.

+: 1977 value for m/ is excluded from IV list in column 2 to increase the overall validity of the IVs.
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Table 4: The results from heterogeneous case

4a: Multi-nomial logits

(@) 2)
429 firms 133 firms
D1I: =1 if a county has the firm’s mfg. plants 6.123%***
x DS: =1 if Single-county firm (.341) NA
DI 9.772%**
x DM =1 if Multi county firm (1.011) NA
D2:=1 if a county is the firm’s base county -2.090%*x*
x DM (1.003) NA
d,; : Distance to the centroid -.00140%%* -.00157%**
(.000200) (.000220)
DIx DM x S, - 762%**
(.167) NA
D2 x DM x S, 547
(.171) NA
No. of mfg. HQs (in log.) x S, 1027%%* 0781
(.0390) (.0517)
County fixed effects Yes (204 counties) | Yes (91 counties)

4b: IV GMM: Dependent variables: County fixed-effects

(D ®
204 counties 91 counties
No. of mfg. HQs (in log.) -.561%%* =41 2%**
(.063) (.126)
1.248%** 1.582%**
m; (.293) (.429)
-1.757*% -2.595%*
w/ (.955) (.999)
952 467
HQ wage (in log.) (1.073) (1.247)
- 796%** -.904%%**
PMSA size (.231) (.209)
Hansen J statistic 7> (5)=5.036 7 (4)=6.226"
2" [p-value] [.411] [.183]
F(5, 193) F(5, 80)
F- test for endogeneity 2.59 [.0272] 4.77[.0007]

Robust standard errors with clustering over counties in the same PMSA are calculated.

+: 1977 value for mII is excluded from IV list to increase the overall validity of the IVs.
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Figure 1. Location quotient for manufacturing production activity
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Figure 2. Location quotient for service industry
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Figure 3. Location quotient for manufacturing auxiliary establishments

o0 —

. " MYCook

°* LA

log county employ ment

e Urban county = Rural county

Counties with 10,000 or more employ ment

16

29



Working Paper Series

A series of research studies on regional economic issues relating to the Seventh Federal

Reserve District, and on financial and economic topics.

Does Bank Concentration Lead to Concentration in Industrial Sectors?
Nicola Cetorelli

On the Fiscal Implications of Twin Crises
Craig Burnside, Martin Eichenbaum and Sergio Rebelo

Sub-Debt Yield Spreads as Bank Risk Measures
Douglas D. Evanoff and Larry D. Wall

Productivity Growth in the 1990s: Technology, Utilization, or Adjustment?
Susanto Basu, John G. Fernald and Matthew D. Shapiro

Do Regulators Search for the Quiet Life? The Relationship Between Regulators and
The Regulated in Banking
Richard J. Rosen

Learning-by-Doing, Scale Efficiencies, and Financial Performance at Internet-Only Banks
Robert DeYoung

The Role of Real Wages, Productivity, and Fiscal Policy in Germany’s
Great Depression 1928-37
Jonas D. M. Fisher and Andreas Hornstein

Nominal Rigidities and the Dynamic Effects of a Shock to Monetary Policy
Lawrence J. Christiano, Martin Eichenbaum and Charles L. Evans

Outsourcing Business Service and the Scope of Local Markets
Yukako Ono

The Effect of Market Size Structure on Competition: The Case of Small Business Lending
Allen N. Berger, Richard J. Rosen and Gregory F. Udell

Deregulation, the Internet, and the Competitive Viability of Large Banks
and Community Banks
Robert DeYoung and William C. Hunter

Price Ceilings as Focal Points for Tacit Collusion: Evidence from Credit Cards
Christopher R. Knittel and Victor Stango

Gaps and Triangles
Bernardino Addo, Isabel Correia and Pedro Teles

A Real Explanation for Heterogeneous Investment Dynamics
Jonas D.M. Fisher

Recovering Risk Aversion from Options
Robert R. Bliss and Nikolaos Panigirtzoglou

Economic Determinants of the Nominal Treasury Yield Curve
Charles L. Evans and David Marshall

WP-01-01

WP-01-02

WP-01-03

WP-01-04

WP-01-05

WP-01-06

WP-01-07

WP-01-08

WP-01-09

WP-01-10

WP-01-11

WP-01-12

WP-01-13

WP-01-14

WP-01-15

WP-01-16



Working Paper Series (continued)

Price Level Uniformity in a Random Matching Model with Perfectly Patient Traders WP-01-17
Edward J. Green and Ruilin Zhou

Earnings Mobility in the US: A New Look at Intergenerational Inequality WP-01-18
Bhashkar Mazumder
The Effects of Health Insurance and Self-Insurance on Retirement Behavior WP-01-19

Eric French and John Bailey Jones

The Effect of Part-Time Work on Wages: Evidence from the Social Security Rules WP-01-20
Daniel Aaronson and Eric French

Antidumping Policy Under Imperfect Competition WP-01-21
Meredith A. Crowley

Is the United States an Optimum Currency Area?
An Empirical Analysis of Regional Business Cycles WP-01-22
Michael A. Kouparitsas

A Note on the Estimation of Linear Regression Models with Heteroskedastic
Measurement Errors WP-01-23
Daniel G. Sullivan

The Mis-Measurement of Permanent Earnings: New Evidence from Social WP-01-24
Security Earnings Data
Bhashkar Mazumder

Pricing IPOs of Mutual Thrift Conversions: The Joint Effect of Regulation
and Market Discipline WP-01-25
Elijah Brewer III, Douglas D. Evanoff and Jacky So

Opportunity Cost and Prudentiality: An Analysis of Collateral Decisions in
Bilateral and Multilateral Settings WP-01-26
Herbert L. Baer, Virginia G. France and James T. Moser

Outsourcing Business Services and the Role of Central Administrative Offices WP-02-01
Yukako Ono

Strategic Responses to Regulatory Threat in the Credit Card Market* WP-02-02
Victor Stango

The Optimal Mix of Taxes on Money, Consumption and Income WP-02-03

Fiorella De Fiore and Pedro Teles

Expectation Traps and Monetary Policy WP-02-04
Stefania Albanesi, V. V. Chari and Lawrence J. Christiano

Monetary Policy in a Financial Crisis WP-02-05
Lawrence J. Christiano, Christopher Gust and Jorge Roldos

Regulatory Incentives and Consolidation: The Case of Commercial Bank Mergers
and the Community Reinvestment Act WP-02-06
Raphael Bostic, Hamid Mehran, Anna Paulson and Marc Saidenberg



Working Paper Series (continued)

Technological Progress and the Geographic Expansion of the Banking Industry
Allen N. Berger and Robert DeYoung

Choosing the Right Parents: Changes in the Intergenerational Transmission
of Inequality — Between 1980 and the Early 1990s
David I. Levine and Bhashkar Mazumder

The Immediacy Implications of Exchange Organization
James T. Moser

Maternal Employment and Overweight Children
Patricia M. Anderson, Kristin F. Butcher and Phillip B. Levine

The Costs and Benefits of Moral Suasion: Evidence from the Rescue of
Long-Term Capital Management
Craig Furfine

On the Cyclical Behavior of Employment, Unemployment and Labor Force Participation

Marcelo Veracierto

Do Safeguard Tariffs and Antidumping Duties Open or Close Technology Gaps?
Meredith A. Crowley

Technology Shocks Matter
Jonas D. M. Fisher

Money as a Mechanism in a Bewley Economy
Edward J. Green and Ruilin Zhou

Optimal Fiscal and Monetary Policy: Equivalence Results
Isabel Correia, Juan Pablo Nicolini and Pedro Teles

Real Exchange Rate Fluctuations and the Dynamics of Retail Trade Industries
on the U.S.-Canada Border
Jeffrey R. Campbell and Beverly Lapham

Bank Procyclicality, Credit Crunches, and Asymmetric Monetary Policy Effects:
A Unifying Model
Robert R. Bliss and George G. Kaufman

Location of Headquarter Growth During the 90s
Thomas H. Klier

The Value of Banking Relationships During a Financial Crisis:
Evidence from Failures of Japanese Banks
Elijah Brewer III, Hesna Genay, William Curt Hunter and George G. Kaufman

On the Distribution and Dynamics of Health Costs
Eric French and John Bailey Jones

The Effects of Progressive Taxation on Labor Supply when Hours and Wages are
Jointly Determined
Daniel Aaronson and Eric French

WP-02-07

WP-02-08

WP-02-09

WP-02-10

WP-02-11

WP-02-12

WP-02-13

WP-02-14

WP-02-15

WP-02-16

WP-02-17

WP-02-18

WP-02-19

WP-02-20

WP-02-21

WP-02-22



Working Paper Series (continued)

Inter-industry Contagion and the Competitive Effects of Financial Distress Announcements:

Evidence from Commercial Banks and Life Insurance Companies
Elijah Brewer III and William E. Jackson 111

State-Contingent Bank Regulation With Unobserved Action and
Unobserved Characteristics
David A. Marshall and Edward Simpson Prescott

Local Market Consolidation and Bank Productive Efficiency
Douglas D. Evanoff and Evren Ors

Life-Cycle Dynamics in Industrial Sectors. The Role of Banking Market Structure
Nicola Cetorelli

Private School Location and Neighborhood Characteristics
Lisa Barrow

Teachers and Student Achievement in the Chicago Public High Schools
Daniel Aaronson, Lisa Barrow and William Sander

The Crime of 1873: Back to the Scene
Francois R. Velde

Trade Structure, Industrial Structure, and International Business Cycles
Marianne Baxter and Michael A. Kouparitsas

Estimating the Returns to Community College Schooling for Displaced Workers
Louis Jacobson, Robert LalLonde and Daniel G. Sullivan

A Proposal for Efficiently Resolving Out-of-the-Money Swap Positions
at Large Insolvent Banks
George G. Kaufman

Depositor Liquidity and Loss-Sharing in Bank Failure Resolutions
George G. Kaufman

Subordinated Debt and Prompt Corrective Regulatory Action
Douglas D. Evanoff and Larry D. Wall

When is Inter-Transaction Time Informative?
Craig Furfine

Tenure Choice with Location Selection: The Case of Hispanic Neighborhoods
in Chicago
Maude Toussaint-Comeau and Sherrie L.W. Rhine

Distinguishing Limited Commitment from Moral Hazard in Models of
Growth with Inequality*
Anna L. Paulson and Robert Townsend

Resolving Large Complex Financial Organizations
Robert R. Bliss

WP-02-23

WP-02-24

WP-02-25

WP-02-26

WP-02-27

WP-02-28

WP-02-29

WP-02-30

WP-02-31

WP-03-01

WP-03-02

WP-03-03

WP-03-04

WP-03-05

WP-03-06

WP-03-07



Working Paper Series (continued)

The Case of the Missing Productivity Growth:

Or, Does information technology explain why productivity accelerated in the United States
but not the United Kingdom?

Susanto Basu, John G. Fernald, Nicholas Oulton and Sylaja Srinivasan

Inside-Outside Money Competition
Ramon Marimon, Juan Pablo Nicolini and Pedro Teles

The Importance of Check-Cashing Businesses to the Unbanked: Racial/Ethnic Differences
William H. Greene, Sherrie L.W. Rhine and Maude Toussaint-Comeau

A Structural Empirical Model of Firm Growth, Learning, and Survival
Jaap H. Abbring and Jeffrey R. Campbell

Market Size Matters
Jeffrey R. Campbell and Hugo A. Hopenhayn

The Cost of Business Cycles under Endogenous Growth
Gadi Barlevy

The Past, Present, and Probable Future for Community Banks
Robert DeYoung, William C. Hunter and Gregory F. Udell

Measuring Productivity Growth in Asia: Do Market Imperfections Matter?
John Fernald and Brent Neiman

Revised Estimates of Intergenerational Income Mobility in the United States
Bhashkar Mazumder

Product Market Evidence on the Employment Effects of the Minimum Wage
Daniel Aaronson and Eric French

Estimating Models of On-the-Job Search using Record Statistics
Gadi Barlevy

Banking Market Conditions and Deposit Interest Rates
Richard J. Rosen

Creating a National State Rainy Day Fund: A Modest Proposal to Improve Future
State Fiscal Performance
Richard Mattoon

Managerial Incentive and Financial Contagion
Sujit Chakravorti, Anna Llyina and Subir Lall

Women and the Phillips Curve: Do Women’s and Men’s Labor Market Outcomes
Differentially Affect Real Wage Growth and Inflation?
Katharine Anderson, Lisa Barrow and Kristin F. Butcher

Evaluating the Calvo Model of Sticky Prices
Martin Eichenbaum and Jonas D.M. Fisher

WP-03-08

WP-03-09

WP-03-10

WP-03-11

WP-03-12

WP-03-13

WP-03-14

WP-03-15

WP-03-16

WP-03-17

WP-03-18

WP-03-19

WP-03-20

WP-03-21

WP-03-22

WP-03-23



Working Paper Series (continued)

The Growing Importance of Family and Community: An Analysis of Changes in the WP-03-24
Sibling Correlation in Earnings
Bhashkar Mazumder and David I. Levine

Should We Teach Old Dogs New Tricks? The Impact of Community College Retraining WP-03-25
on Older Displaced Workers
Louis Jacobson, Robert J. LaLonde and Daniel Sullivan

Trade Deflection and Trade Depression WP-03-26
Chad P. Brown and Meredith A. Crowley

China and Emerging Asia: Comrades or Competitors? WP-03-27
Alan G. Ahearne, John G. Fernald, Prakash Loungani and John W. Schindler

International Business Cycles Under Fixed and Flexible Exchange Rate Regimes WP-03-28
Michael A. Kouparitsas

Firing Costs and Business Cycle Fluctuations WP-03-29
Marcelo Veracierto

Spatial Organization of Firms WP-03-30
Yukako Ono
Government Equity and Money: John Law’s System in 1720 France WP-03-31

Frangois R. Velde

Deregulation and the Relationship Between Bank CEO WP-03-32
Compensation and Risk-Taking
Elijah Brewer I1I, William Curt Hunter and William E. Jackson 111

Compatibility and Pricing with Indirect Network Effects: Evidence from ATMs WP-03-33
Christopher R. Knittel and Victor Stango

Self-Employment as an Alternative to Unemployment WP-03-34
Ellen R. Rissman

Where the Headquarters are — Evidence from Large Public Companies 1990-2000 WP-03-35
Tyler Diacon and Thomas H. Klier

Standing Facilities and Interbank Borrowing: Evidence from the Federal Reserve’s WP-04-01
New Discount Window

Craig Furfine

Netting, Financial Contracts, and Banks: The Economic Implications WP-04-02

William J. Bergman, Robert R. Bliss, Christian A. Johnson and George G. Kaufman

Real Effects of Bank Competition WP-04-03
Nicola Cetorelli

Finance as a Barrier To Entry: Bank Competition and Industry Structure in WP-04-04
Local U.S. Markets?
Nicola Cetorelli and Philip E. Strahan



Working Paper Series (continued)

The Dynamics of Work and Debt
Jeffrey R. Campbell and Zvi Hercowitz

Fiscal Policy in the Aftermath of 9/11
Jonas Fisher and Martin Eichenbaum

Merger Momentum and Investor Sentiment: The Stock Market Reaction
To Merger Announcements
Richard J. Rosen

Earnings Inequality and the Business Cycle
Gadi Barlevy and Daniel Tsiddon

Platform Competition in Two-Sided Markets: The Case of Payment Networks
Sujit Chakravorti and Roberto Roson

Nominal Debt as a Burden on Monetary Policy
Javier Diaz-Giménez, Giorgia Giovannetti, Ramon Marimon, and Pedro Teles

On the Timing of Innovation in Stochastic Schumpeterian Growth Models
Gadi Barlevy

Policy Externalities: How US Antidumping Affects Japanese Exports to the EU
Chad P. Bown and Meredith A. Crowley

Sibling Similarities, Differences and Economic Inequality
Bhashkar Mazumder

Determinants of Business Cycle Comovement: A Robust Analysis
Marianne Baxter and Michael A. Kouparitsas

The Occupational Assimilation of Hispanics in the U.S.: Evidence from Panel Data
Maude Toussaint-Comeau

Reading, Writing, and Raisinets': Are School Finances Contributing to Children’s Obesity?
Patricia M. Anderson and Kristin F. Butcher

Learning by Observing: Information Spillovers in the Execution and Valuation
of Commercial Bank M&As
Gayle Del.ong and Robert DeYoung

Prospects for Immigrant-Native Wealth Assimilation:
Evidence from Financial Market Participation
Una Okonkwo Osili and Anna Paulson

Institutional Quality and Financial Market Development:
Evidence from International Migrants in the U.S.
Una Okonkwo Osili and Anna Paulson

Are Technology Improvements Contractionary?
Susanto Basu, John Fernald and Miles Kimball

WP-04-05

WP-04-06

WP-04-07

WP-04-08

WP-04-09

WP-04-10

WP-04-11

WP-04-12

WP-04-13

WP-04-14

WP-04-15

WP-04-16

WP-04-17

WP-04-18

WP-04-19

WP-04-20



Working Paper Series (continued)

The Minimum Wage and Restaurant Prices
Daniel Aaronson, Eric French and James MacDonald

Betcha can’t acquire just one: merger programs and compensation
Richard J. Rosen

Not Working: Demographic Changes, Policy Changes,
and the Distribution of Weeks (Not) Worked
Lisa Barrow and Kristin F. Butcher

The Role of Households’ Collateralized Debts in Macroeconomic Stabilization
Jeffrey R. Campbell and Zvi Hercowitz

Advertising and Pricing at Multiple-Output Firms: Evidence From U.S. Thrift Institutions
Robert DeYoung and Evren Ors

Monetary Policy with State Contingent Interest Rates
Bernardino Addo, Isabel Correia and Pedro Teles

Comparing location decisions of domestic and foreign auto supplier plants
Thomas Klier, Paul Ma and Daniel P. McMillen

China’s export growth and US trade policy
Chad P. Bown and Meredith A. Crowley

Where do manufacturing firms locate their Headquarters?
J. Vernon Henderson and Yukako Ono

WP-04-21

WP-04-22

WP-04-23

WP-04-24

WP-04-25

WP-04-26

WP-04-27

WP-04-28

WP-04-29



	Cover04-29.pdf
	J. Vernon Henderson and Yukako Ono

	LIST-04-29.pdf
	Working Paper Series
	Craig Burnside, Martin Eichenbaum and Sergio Rebelo
	
	
	Douglas D. Evanoff and Larry D. Wall
	Susanto Basu, John G. Fernald and Matthew D. Shapiro
	Richard J. Rosen
	Robert DeYoung
	Jonas D. M. Fisher and Andreas Hornstein
	Lawrence J. Christiano, Martin Eichenbaum and Charles L. Evans



	Yukako Ono
	Allen N. Berger, Richard J. Rosen and Gregory F. Udell
	Robert DeYoung and William C. Hunter
	Christopher R. Knittel and Victor Stango
	Bernardino Adão, Isabel Correia and Pedro Teles
	
	
	
	
	Jonas D.M. Fisher





	Robert R. Bliss and Nikolaos Panigirtzoglou
	Charles L. Evans and David Marshall
	Edward J. Green and Ruilin Zhou
	Bhashkar Mazumder
	Eric French and John Bailey Jones
	Daniel Aaronson and Eric French
	
	
	Michael A. Kouparitsas
	Daniel G. Sullivan



	Bhashkar Mazumder
	Elijah Brewer III, Douglas D. Evanoff and Jacky So
	Herbert L. Baer, Virginia G. France and James T. Moser
	Fiorella De Fiore and Pedro Teles
	Stefania Albanesi, V. V. Chari and Lawrence J. Christiano
	Lawrence J. Christiano, Christopher Gust and Jorge Roldos
	Raphael Bostic, Hamid Mehran, Anna Paulson and Marc Saidenberg
	Allen N. Berger and Robert DeYoung
	David I. Levine and Bhashkar Mazumder
	James T. Moser
	Patricia M. Anderson, Kristin F. Butcher and Phillip B. Levine
	Long-Term Capital Management
	Craig Furfine
	Marcelo Veracierto
	Meredith A. Crowley
	Thomas H. Klier
	
	
	
	
	Elijah Brewer III, Hesna Genay, William Curt Hunter and George G. Kaufman





	Eric French and John Bailey Jones
	Daniel Aaronson and Eric French
	Elijah Brewer III and William E. Jackson III
	David A. Marshall and Edward Simpson Prescott
	Craig Furfine
	Susanto Basu, John G. Fernald, Nicholas Oulton and Sylaja Srinivasan
	Ramon Marimon, Juan Pablo Nicolini and Pedro Teles
	William H. Greene, Sherrie L.W. Rhine and Maude Toussaint-Comeau
	Jaap H. Abbring and Jeffrey R. Campbell
	Jeffrey R. Campbell and Hugo A. Hopenhayn
	Gadi Barlevy
	Robert DeYoung, William C. Hunter and Gregory F. Udell
	John Fernald and Brent Neiman
	Bhashkar Mazumder
	Sujit Chakravorti, Anna Llyina and Subir Lall

	Cover04-29.pdf
	J. Vernon Henderson and Yukako Ono




